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Face color transfer based on optimal transport model

LI Zhenxi , ZHANG Juyong
(School of Mathematical Sciences » University of Science and Technology of China» Hefei 230026 China)

Abstract: Existing [ace color transler algorithms are only based on Laf color space [or matching mean and
variance, and such transfer is limited to linear transformation and is usually applied to natural images. At
the same time, these algorithms usually use facial landmark information to locate facial feature positions.
However, the facial feature information thus obtained lacks accuracy and needs further optimization. To
address these problems, a new face color transformation method was proposed based on the optimal
transfer model to get the natural face color transfer effect. Firstly, the semantic information of the face
was obtained directly by using the fully convolution network, and the corresponding face color transfer
result was obtained by using the optimal transfer model. Experimental results show that the proposed
algorithm is significantly improved in both the robustness of facial features segmentation and the subjective
vision of face image color transfer.
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Fig.1 The color transformation effect of the whole image
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Fig.4 Some images for color transformation
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Fig.5 The segmentation results of some face images
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Fig.6 The overview of algorithm
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Fig.7 The color transformation of the face part area
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Fig.8 The effect of full-face color transformation
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