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A parallel algorithm for mining user frequent moving patterns

ZHU Yibo, BAO Peiming, JI Genling

(College of Com puter Science and Technology s Nanjing Normal University , Nanjing 210046, China)

Abstract: Through daily moving trajectories, one can effectively find the frequent moving rules, i.e., user

frequent moving patterns. Based on PrefixSpan algorithm, a parallel algorithm named PASFORM is

presented for mining user [requent moving patterns. PASFORM uses a new pruning strategy to reduce the

search space and several time constraints to make mining results time-tagged. It also employs the parallel

method to mine mass data and a prefix tree to save the store space. Experimental results show that

PASFORM is effective and efficient.
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Fig.2 The frequent moving sequence tree of the

mobile sequence dataset SD(unpruning)
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Fig.3 Visualization of resident frequent residency
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