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Grid-like radar detection based on the distribution of key points
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Abstract: Grid-like radars have been widely used for military applications, and their detection is of great
importance. A novel method is proposed to detect grid-like radars even with large appearance variation. In
our method, the key points of grid-like radars are first treated as small objects and detected by the classical
sliding window method. Then a possible radar area is located based on the distribution density of the
detected key points. Finally the decision regarding the presence/absence of grid-like radars will be made
based on the spatial distribution relation of the detected key points. Experiments were done on our dataset,
including 42 grid-like radar images and 154 non-radar images, and our approach achieved a 7. 1% miss rate

and 12. 3 FPR (false positive rate). The method based on the distributions of key points is more robust
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against the appearance variation caused by the types of radar, deformations and viewpoint changes, and

demonstrates better performance than classical method, such as “BOF+SIFT” and “HOG”.

Key words: computer vision; object recognition; grid-like radar detection; distribution of key points
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Fig. 1 Some types of grid-like radar
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Fig.2 The overview of our method
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