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A composite index strategy for big marine data based
on adaptive method of data merging strategy

HUANG Dongmei, SUN Le, ZHAO Danfeng

(College of Information. Shanghai Ocean University . Shanghai 201306)

Abstract; Marine data fall easily into category of Big Data. A basic requirement for various marine
monitoring applications is quick retrieval and the establishment of a sound index structure is of great
importance. A multi-layer index (ML-index, for short) with regard to time interval B+-tree and hybrid
space partition tree (HSP-tree, for short) was proposed. It employs the adaptive method of data merging
strategy to optimize the primary key index (i. e. B-+-tree). An adaptive space partition method was also
proposed on the basis of data characteristics, and data unit capacity particular, for building secondary
index, namely, HSP-tree. The experiment result shows that ML-index saves about 2/3 of the time in
comparison with two state-of-the-art index methods.
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